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AI Driven Smart Shopping vs. Manual 
Search Campaigns in E commerce: An Attribu-

tion Based Performance Analysis

Abstract: : Paid advertising platforms have changed a great deal once machine learning moved into 
the bidding stack, and Google Ads is now the obvious case in point. I look at how AI driven Smart Shopping 
campaigns compare with manually managed Search campaigns from a Romanian online wine retailer, and 
I ask, in particular, what last click attribution misses when the two types of campaigns run in parallel. The 
dataset combines three Google Analytics reports covering six concurrently running campaigns, plus an as-
sisted conversion analysis on a 30 day lookback window. Four indicators carry most of the weight: CTR, 
CPC, ecommerce conversion rate and ROAS. What I find is uneven. Smart Shopping pulls in most of the 
clicks and most of the assisted touches, yet records the lowest last click conversion rate; manual Search cam-
paigns, targeting users already close to buying, score the opposite way. Within this Google Ads account, 
from my digital marketing agency (Performance Target), approximately 47.6% of all conversions are iden-
tified as assisted conversions rather than last click interactions. From a strategic standpoint, this substan-
tial share indicates that relying solely on last click reporting provides an incomplete picture, making it an 
unreliable foundation for budget allocation decisions. To address these complexities, this paper concludes 
with practical insights from my agency, for small e commerce retailers on how to effectively balance AI 
driven and manual campaigns. Specifically, it outlines strategies to avoid over investing in branded search 
while ensuring that top of funnel campaigns which actively generate the initial customer demand are not 
inadvertently starved of budget.
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1. Introduction

-

shown, to whom, at what bid a model decides, often in milliseconds. Smart Shopping (and now 

the engagement model are all being reorganized, and digital advertising sits right at the leading 
edge.

a Romanian online shop, shows that consumer behavior shifted, the share of online purchases 
grew, and paid campaigns took on a heavier role in conversion. Once the dust settled, retailers 
were facing a harder market, more competition, costlier acquisition, and bidding systems that 
were no longer optional adds on but the default one.

Comparing AI driven campaigns with manually managed ones is not, however, clean ex-

gives an unfair advantage to whatever sits closest to the final purchase. Branded search wins; 
non branded Shopping does not, even when it brought the customer in the first place. Berman 

not small. And because Smart Shopping was built precisely to reach users who do not yet know 
the brand, much of its contribution shows up as an assist rather than as the final click.

My study works through this measurement problem with campaign level data from a real 

Smart Shopping in parallel with manually managed Search and Shopping campaigns. Four aims 

how badly last click attribution underplays AI driven campaigns; and drawing practical implica-
tions for budget allocation and attribution policy in the SME e commerce segment.

Methodologically the work is empirical and exploratory. It rests on secondary data pulled 
from Google Analytics and Google Ads, and the analysis is descriptive and comparative no causal 

Section 5 closes with managerial implications, limitations and a few directions worth pursuing.

2. Literature review

2.1. The integration of artificial intelligence in digital advertising

AI in marketing went, over roughly a decade, from a niche capability to part of the basic 

what data and analytics structures support those tasks, and how customers are engaged. Huang 
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feeling AI; algorithmic bidding lives mostly in the second of these, where structured signals are 

-
ting on the basis of context.

and saw in it a way of supporting data driven decisions in marketing and customer acquisition. 

networks in a business setting. A decade later, what those early papers pointed at algorithmic 
surfacing of relevant audiences and signals is the ordinary mode of operation across every major 

-
tion at scale at the center of the story.

-

applications to the cloud and the open questions it raised reliability, portability, vendor lock in. 

servers, which sounds almost quaint now but was a concrete obstacle at the time. Advertisers 
today take all this for granted; it remains, even so, the operational backbone of every AI driven 
campaign.

2.2. Consumer behavior in online environments

Any account of why an AI driven campaign performs the way it does has to begin with the 
-

havior can be influenced through a wide set of digital techniques, and most of what is now called 
personalization, retargeting or algorithmic content delivery is a continuation of that line of think-

-
formation search, particularly for product categories where buyers want to read before they buy.

wider conversation about AI enabled marketing.
Beyond e-commerce, online search behavior has become something of a standard data 

to assess the online referential value of urban historical parks, with management implications 
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logic read public search data to learn something about a population has been applied to tourism 
-

row that logic and apply it to a strictly commercial setting.

2.3. Smart Bidding, Smart Shopping and the limits of last click attribution

onward, was the first widely used Google Ads campaign type to hand over both bidding and 

input is essentially a product feed and a goal; the output is conversion value, optimized within a 
-

enon in broader terms bidding decisions move inside the platform, advertisers lose much of their 

these tools have been absorbed into everyday agency practice.

shows, in a formal model of online advertising attribution, that last click systematically over re-
wards channels at the bottom of the funnel branded search, direct and under rewards everything 

a graph based methodology for mapping customer journeys across channels and warn, in plain 
terms, that reading last click conversions as a measure of channel value is a mistake.

For AI driven Smart Shopping the problem is sharper than for most other campaign types. 
-

tion arrives as an assist rather than as the closing click. Google Analytics surfaces this through its 
-

undersell what AI driven campaigns deliver up the funnel.

3. Research methodology

Romanian online wine retailer a small business selling, exclusively online, both Romanian and 
imported wines.

-

protect the retailer.
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efficiency and revenue. For the assisted conversion analysis I use the assisted to last click ratio as 
a quick way of reading each campaign’s upper funnel weight.

Campaigns were sorted into three categories based on how much of their operation is au-

manually managed Search and Shopping campaigns, where the advertiser keeps control; and 

similar Romanian setting.

4. Results and discussion

4.1. Campaign level performance

-
-

 product name searches. A display awareness campaign at the 
-

versions at all another example, if any were needed, of where last click measurement quietly 
breaks down.

4.2. Assisted conversions and the underestimation of AI driven campaigns

-
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Pulling the assisted conversions apart by campaign clarifies what is happening. Smart 

-
-

that other touchpoints generated earlier. Smart Shopping is one plausible source.

share of assisted conversions, observed in a single SME account, is the same order of magnitude 

mall online retailers, a non trivial chunk of the value generated by Google 
Ads is invisible in the default report.

4.3. Practical implications for budget allocation

ical. First, judging AI driven Smart Shopping campaigns 
on last click ROAS alone is a way of systematically underestimating them. A naive rule shift 
money from the lowest last click ROAS campaign to the highest would, in this account, defund 

volume of assists.
Second, the high last click ROAS of the brand protection campaign should not be read as 

the marginal return on an extra euro spent there. Brand demand is itself manufactured upstream, 
mostly by other campaigns. Cutting upstream spend to feed the brand protection campaign 
would, in time, leave the brand protection campaign with less brand demand to catch.

ly about AI in marketing, make the same point in slightly 

5. Conclusions

I have analyzed the comparative performance of AI driven Smart Shopping and manually 
managed Search campaigns in Google Ads, using data from a Romanian online wine retailer over 

AI driven Smart Shopping campaigns generate substantially more clicks than manually 
managed campaigns, at a lower CPC, but record lower last click conversion rates consistent with 
their prospecting role. Manually managed campaigns aimed at high intent queries convert at 

Google Ads conversions in this account were assisted rather than last click, which tells us that the 
default reporting underplays AI driven prospecting campaigns. And finally, the brand protection 
campaign’s high assisted to last click ratio suggests that part of the demand it captures at the last 
click was produced, plausibly, by Smart Shopping further upstream.
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For practice, the takeaway is that last click ROAS should not be the sole metric for evaluating 
mixed Google Ads accounts; attribution models that credit upper funnel work are the saner basis 
for budget decisions. For research, our findings extend to a Romanian SME setting the broader 

commerce account.

-

that Smart Shopping caused the assists observed downstream. Future work could lengthen the 
window, pool multiple accounts across categories, and bring quasi experimental designs (geo ex-

Shopping to Performance Max which hands even more decision making to the algorithm and 
gives the advertiser even less visibility is the obvious next case to study.
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ment framework for integrating the patrimony of the Astronomical Institute of the Romanian Acad-


